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PREDICTION MODELS

• perfect:

• previous:

• noisy:

• random:

NYSE dataset.
Zattoni Scroccaro, Kolarijani, and PME (2022)



• Non-smooth cost functions

• Dynamic regrets

Other Extensions

Non-smooth

[1] Zattoni Scroccaro, Kolarijani, and PME (2022)

fixed decision reference trajectory



• Non-smooth cost functions

• Dynamic regrets

Other Extensions

Non-smooth

[1] Zattoni Scroccaro, Kolarijani, and PME (2022)

fixed decision reference trajectory



References

• Zattoni Scroccaro, Kolarijani, and Mohajerin Esfahani, “Adaptive Composite Online Optimization: Predictions 

in Static and Dynamic Environments”, IEEE Transaction on Automatic Control (TAC), 2023.

• Mohajerin Esfahani, Sutter, and Lygeros “Performance Bounds for the Scenario Approach and an Extension to 

a Class of Non-convex Programs”, IEEE Transaction on Automatic Control (TAC), 2015

• Zinkevich, “Online convex programming and generalized infinitesimal gradient ascent”, International 
Conference on Machine Learning (ICML), 2003.

• Hazan, Agarwal, and Kale, “Logarithmic regret algorithms for online convex optimization”, Machine Learning, 

2007.

• Rakhlin and Sridharan, “Optimization, Learning, and Games with Predictable Sequences”, Conference on 

Neural Information Processing Systems (NeurIPS), 2013.

• Ho-Nguyen and Kılınç-Karzan, “Exploiting problem structure in optimization under uncertainty via online 

convex optimization”, Mathematical Programming (MP), 2019.


